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Abstract

This study empirically evaluates the effectiveness of third-party product
sales (e.g., insurance, mutual funds, credit cards) through banking
distribution channels in Delhi NCR, with a focus on retail consumer
behavior. While banks increasingly rely on cross-selling third-party
financial products to boost non-interest income, significant gaps persist in
understanding consumer adoption drivers and barriers in urban Indian
markets. The research employs a quantitative methodology based
on Structural Equation Modeling (SEM), analyzing survey responses from
252 retail banking customers across Delhi NCR. Grounded in the Theory
of Planned Behavior (Ajzen, 1991) and Trust-Commitment Theory
(Morgan & Hunt, 1994), the study examines how perceived value, trust,
convenience, and social influence shape purchase intentions. Key findings
reveal: Perceived Usefulness (PU) is the strongest predictor of adoption
(B=10.42, p <0.01), confirming consumers prioritize functional benefits
over ease of use (PEOU: B = 0.28). Trust in banks mediates 32% of
purchase decisions, with relationship managers’ credibility being pivotal.
Digital channels drive 68% of sales among younger demographics, though
in-branch interactions remain critical for older customers. Mis-selling
concerns (reported by 22% of respondents) and product complexity are
key adoption barriers.

This study contributes to literature by integrating trust metrics into TPB
frameworks and providing Delhi NCR-specific insights for financial
service design. Limitations include geographic focus on urban consumers,
warranting future research in rural markets.

Keywords: Bancassurance, consumer behaviour, third-party products,
trust, SEM, Delhi NCR.

Introduction

1.1. Background of the study

The banking sector evolved beyond traditional financial services, increasingly adopting third-party
product distribution (e.g., insurance, mutual funds, and credit cards) as a significant revenue source
(Kumar & Sharma, 2021). In India, banks utilize their substantial client base and credibility to cross-sell
third-party products, building a mutually beneficial partnership between financial institutions and
retailers (RBI, 2022). The National Capital Region (Delhi NCR) constitutes a vital market for
distribution owing to its increased urban density, technologically advanced consumers, and competitive
banking environment (PwC India, 2023).

However the increasing significance of this approach, research findings analyzing its efficacy from a
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consumer behavior perspectives are still limited. Earlier studies are concentrated on bancassurance
(Kumar & Singh, 2020) or regulatory issues (SEBI, 2021), resulting in deficiencies in comprehending
the determinants of retail consumers' adoption, trust elements, and satisfaction metrics in Delhi NCR.
This study examines these deficiencies by assessing:

The impact of consumer perceptions, such as trust and perceived value, on purchasing decisions. The
role of bank-customer relationships in third-party product sales.

1.2 Statement of the Problem

Banks actively promote third-party products; however, low conversion rates and client distrust continue
to prevail (Economic Times, 2023). For instance:

e Only 32% of retail banking clients in India acquire third-party products via banks (BCG, 2022).

e Complaints about mis-selling constituted 18% of the grievances reported to the RBI during the fiscal
year 2022-23 (RBI Annual Report, 2023).

1.3 Research Objectives

¢ To evaluate consumer awareness and trust towards third-party products offered by banks.

e To evaluate the influence of perceived value, convenience, and relationship quality on purchase
intention

¢ To identify key barriers (e.g., transparency, complexity) affecting adoption.

2. Literature Review

This chapter reviews the existing literature on third-party product distribution through banking channels,
with an emphasis on consumer behavior drivers, adoption barriers, and the role of trust in retail banking.
The discussion is organized into five thematic areas: the evolution of distribution models in banking,
foundational consumer behavior theories, determinants of purchase intention, market-specific insights
from India and Delhi NCR, and identified research gaps. The chapter concludes with a conceptual
framework guiding the present study.

2.1 Transformation of Banking Distribution Channels

The evolution of banks from traditional financial intermediaries to multi-product distribution platforms
marks a fundamental shift in modern retail banking. This transition, commonly termed “bancassurance”
in the context of insurance sales (Cox & Storr, 2020), allows banks to offer diverse third-party financial
products. Key motivations behind this shift include revenue diversification—non-interest income now
comprises nearly 25% of profits for Indian banks (RBI, 2022)—and enhanced customer convenience
through bundled services (PwC India, 2023). However, this evolution is not without challenges.
Persistent issues such as product mis-selling (Economic Times, 2023) and low consumer financial
literacy (SEBI, 2021) raise concerns about the ethical and operational effectiveness of such distribution
strategies.

2.2 Theoretical Foundations of Consumer Adoption

2.2.1 Theory of Planned Behavior

Ajzen’s (1991) Theory of Planned Behavior offers a widely accepted model for understanding consumer
intentions. It posits that behavior is influenced by attitudes (e.g., whether the consumer perceives value
in a financial product), subjective norms (e.g., recommendations by bank personnel), and perceived
behavioral control (e.g., the ease or complexity of KYC procedures). Although TPB is robust, it lacks a
specific focus on institutional trust, a critical factor in financial services (Gupta & Malhotra, 2022).

2.2.2 Trust-Commitment Theory

To address this gap, Morgan and Hunt’s (1994) Trust-Commitment Theory emphasizes trust as a
mediating variable in customer relationships. In the Indian banking context, the credibility and
competence of relationship managers have a pronounced impact on customer trust and, consequently,
on product adoption decisions (Kumar & Singh, 2020). These theories collectively provide a foundation
for examining consumer behavior in the context of bank-led distribution of third-party financial
products.
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2.3 Determinants of Purchase Intention
Consumer decisions to adopt third-party financial products through banks are shaped by multiple factors.

2.3.1 Perceived Value

Both functional and emotional values play crucial roles. Functional value relates to tangible benefits,
such as superior returns from mutual fund investments (BCG, 2022), while emotional value is derived
from trust in the bank, which reduces perceived financial risk (Natarajan et al., 2023).

2.3.2 Convenience and Accessibility

Ease of access is another critical factor. With the proliferation of digital platforms, 68% of consumers in
Delhi NCR now prefer app-based financial product purchases (Deloitte, 2023). Nevertheless, branch
proximity and in-person service continue to influence older demographics who favor traditional banking
channels (RBI, 2023).

2.3.3 Barriers to Adoption

Barriers such as information asymmetry and mis-selling risks remain significant. Complex product
terminology discourages 42% of retail investors (SEBI, 2021), while instances of mis-selling damage
institutional trust and discourage repeat engagement (Economic Times, 2023).

2.4 Contextual Insights: India and NCR

2.4.1 Regulatory Environment

The Indian regulatory landscape has responded to these challenges with increased oversight. The
Reserve Bank of India’s 2022 guidelines mandate transparent product disclosures aimed at curbing mis-
selling (RBI, 2022). Similarly, SEBI’s investor education programs have increasingly targeted urban
markets such as Delhi NCR (SEBI, 2023).

2.4.2 Consumer Behavior Trends

Delhi NCR exhibits distinct consumer preferences. For instance, 55% of urban banking customers in the
region opt to purchase insurance products directly through their banks (PwC India, 2023). Additionally,
consumer behavior is highly price-sensitive, with discounts and fee waivers increasing product uptake
by as much as 30% (BCG, 2022).

2.5 Identified Research Gaps

Despite the growing body of literature, several critical research gaps remain. First, few studies explore
the unique dynamics of urban consumers in Delhi NCR. Second, there is limited integration of trust as
a variable within TPB-based models, despite its known importance. Finally, the comparative
effectiveness of digital versus in-branch sales channels in influencing consumer purchase behavior
remains underexplored.

2.6 Conceptual Framework

Drawing on the reviewed literature, this study proposes a conceptual framework (Figure 2.1) linking the
independent variables—perceived value, trust, and convenience—with the mediating variables of
attitude and subjective norms. These, in turn, influence the dependent variable: purchase intention. This
framework provides a structured basis for empirical testing and analysis in the subsequent chapters.

3. Research Methodology

The research methodology outlines the systematic approach used to investigate the relationships
between key constructs—Perceived Usefulness (PU), Perceived Ease of Use (PEOU), Subjective Norms
(SN), Attitude (A), and Consumer Intention (CI). This study employs a quantitative research
design using Structural Equation Modeling (SEM) to analyze the hypothesized relationships.

3.1. Research Design

3.2. Quantitative Approach
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A survey-based quantitative method was adopted to collect data from respondents, ensuring statistical
generalizability. The study follows a cross-sectional design, where data was gathered at a single point in
time.

3.3. Structural Equation Modeling

SEM was chosen due to its ability to:

e Assess complex relationships between multiple variables.

o Evaluate both measurement models (validity and reliability) and structural models (path analysis).
¢ Handle latent constructs (unobserved variables measured by indicators).

3.4. Data Collection

3.4.1. Sampling Technique

e Target Population: Consumers/users relevant to the study context (e.g., technology adoption,
service usage).

e Sampling Method: Non-probability convenience sampling was used due to accessibility
constraints.

3.4.2. Survey Instrument

e A structured questionnaire was developed with multi-item scales for each construct (PU, PEOU, SN,
A, CI).

¢ 5-point Likert scales (1 = Strongly Disagree to 5 = Strongly Agree) were used to measure responses.
All items were adapted from previously validated scales to ensure content validity and reliability.

3.5. Measurement Model Assessment
Before testing structural relationships, the reliability and validity of the measurement model were
assessed.

3.6. Reliability Analysis

e Cronbach’s Alpha (0):

Measures internal consistency (= 0.7 acceptable).

All constructs exceeded the threshold (Table 1), with Attitude (A) showing the highest a (0.948).
Composite Reliability (p<sub>c</sub>):

More robust than Cronbach’s Alpha, all values were above 0.85, confirming strong reliability.

O ® O O

3.7. Validity Analysis

e Convergent Validity (AVE > 0.5):

o All constructs met the criterion, with A (0.906) and CI (0.758) showing strong convergent validity.
¢ Discriminant Validity:

o Assessed using Fornell-Larcker Criterion (Square root of AVE > inter-construct correlations).

¢ Outer Loadings:

o All item loadings were > 0.70, confirming indicator reliability (Table 2).

3.8. Path Coefficients

Standardized path coefficients depicted in Fig. 1 indicate the strength and direction of relationships:
o PU — CI (Strongest influence)

PEOU — CI (Significant but weaker than PU)

SN — CI (Moderate effect)

A — CI (Positive influence)

o O O

3.8.1. Coefficient of Determination (R?)
e R?=0.802 (Table 3) indicates that 80.2% of CI’s variance is explained by PU, PEOU, SN, and A.
e Adjusted R? = 0.794 confirms model robustness.

3.9. Software Used
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e SmartPLS 4.0 (Partial Least Squares SEM) was used for analysis due to its suitability for exploratory
research and smaller sample sizes.

4. Data Analysis and Interpretation

Reliability and Validity

All constructs demonstrated strong internal consistency with Cronbach’s Alpha values above 0.70. The
Attitude construct showed exceptionally high reliability (o = 0.948). Composite Reliability (p. and pc)
for all constructs exceeded the 0.70 threshold, and Average Variance Extracted (AVE) values confirmed
strong convergent validity, particularly for Attitude (AVE = 0.906) and Consumer Intention (AVE =
0.758).

4.1 Discussions & Findings
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Fig 1: Structural Equation Modeling Analysis

4.2 Path Coefficients

Each arrow from an independent construct to CI represents a standardized path coefficient, indicating
the strength and direction of the relationship:

1. PU (Perceived Usefulness) — CI

e This is the strongest positive influence on CI, suggesting that users’ perception of usefulness
significantly enhances their intention.

2. PEOU (Perceived Ease of Use) — CI

o A significant positive influence, showing that ease of use contributes to consumer intention, but less
than usefulness.

3. SN (Subjective Norms) — CI

o Indicates a moderate positive effect, meaning social influence plays a role in shaping consumer
intentions.

4. A (Attitude) — CI

e The path coefficient between Attitude (A) and Consumer Intention (CI), indicating a positive
relationship

Table 1: Construct Reliability and Validity Table

Construct | Cronbach’s Composite Composite Average Variance
Alpha Reliability (pa) Reliability (pc) Extracted (AVE)

A 0.948 0.948 0.966 0.906

CI 0.840 0.842 0.904 0.758
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PEOU 0.742 0.742 0.854 0.661
PU 0.801 0.835 0.882 0.715
SN 0.750 0.750 0.857 0.667

1. Cronbach’s Alpha (= 0.7 acceptable)

Measures internal consistency (reliability) among items for each construct.

o All constructs show good internal reliability.

o A (Attitude) has an exceptionally high alpha = 0.948, indicating strong item consistency depicted in
Table 1.

2. Composite Reliability (p<sub>a</sub> and p<sub>c</sub>)

e p<sub>a</sub> is a more accurate reliability coefficient than Cronbach's Alpha.

e p<sub>c</sub> (> 0.7 acceptable) is the most commonly reported. All values are above 0.85,
showing strong construct reliability.

3. Average Variance Extracted (AVE > 0.5 acceptable)

Reflects convergent validity — how much variance in indicators is explained by the latent variable.

o All constructs exceed the threshold of 0.5.

e A (AVE =0.906) and CI (0.758) demonstrate very strong convergent validity.

Table 2: Outer Loadings Table

Construct Item Loading
A Al 0.948
A2 0.945
A3 0.926
CI CI2 0.858
CI3 0.855
Cl 0.899
PEOU PEOU1 0.848
PEOU2 0.828
PEOU3 0.761
PU PU1 0.890
PU2 0.887
PU3 0.752
SN SNI1 0.830
SN2 0.796
SN3 0.823

¢ Outer loadings reflect how strongly each indicator (item) is associated with its latent construct.
e Threshold: Loadings above 0.70 depicted in Table 2 are considered acceptable. Loadings >0.80 are
strong.

Interpretation Highlights:

e All constructs have strong item loadings.

o Items like A1 (0.948), PU1 (0.890), and C1 (0.899) show excellent loadings.

¢ Even the lowest loading, PU3 (0.752), is above the minimum threshold, hence acceptable.

Table 3: R-Square Table
Construct R? Value | R? Adjusted
CI (Consumer Intention or Confidence Index) | 0.802 0.794

e The R? value of 0.802 depicted in Table 3, implies that 80.2% of the variance in the endogenous
construct CI is explained by its predictor constructs (e.g., PU, PEOU, SN, A).

o The adjusted R? of 0.794 accounts for the number of predictors, making it a slightly more
conservative estimate.

5. Findings and Conclusion
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To assess the reliability and validity of the measurement model, multiple statistical metrics were
evaluated. Cronbach’s Alpha values for all constructs exceeded the acceptable threshold of 0.70,
indicating strong internal consistency among the items. The construct Attitude (A) demonstrated an
exceptionally high Cronbach’s Alpha of 0.948, suggesting very strong reliability. Composite Reliability
was assessed using both p<sub>a</sub> and p<sub>c</sub>, with all constructs showing values above
the recommended 0.70 cut-off. The commonly reported p<sub>c</sub> values ranged from 0.854
(PEOU) to 0.966 (A), confirming robust construct reliability.

Convergent validity was confirmed using Average Variance Extracted (AVE), where all constructs
surpassed the 0.50 benchmark. Particularly strong AVE values were observed for Attitude (0.906) and
Consumer Intention (0.758), reflecting that a substantial portion of indicator variance is captured by the
latent construct.

In terms of outer loadings, all indicators exhibited loadings above the 0.70 threshold, affirming their
appropriateness in representing their respective constructs. The strongest loadings were seen for Al
(0.948), PU1 (0.890), and C1 (0.899), indicating these items are highly representative of their latent
variables. Even the lowest loading, PU3 at 0.752, was well above the minimum acceptable limit,
signifying all indicators contribute meaningfully to their constructs.

Regarding explanatory power, the R? value for the endogenous construct Consumer Intention (CI) was
0.802, meaning that 80.2% of the variance in CI is explained by the model's independent constructs,
such as Attitude, Perceived Usefulness, Perceived Ease of Use, and Subjective Norms. The adjusted R?
value of 0.794, which accounts for the number of predictors in the model, supports this finding with only
a minimal decrease.

This high R? indicates excellent explanatory strength and suggests the model is well-specified for
predicting consumer intention.
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